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The respondents’ interest in a survey’s topic is frequently used by survey researchers to explain
and predict survey errors. Whether respondents are interested in a survey’s content relates to
their participation and cognitive answering processes, consequently impacting nonresponse and
measurement errors. The content of a survey is under control of the researchers who design and
conduct the survey, thus, content could be varied to improve participation and answering be-
havior. Unfortunately, research is lacking on (i) the topic preferences in the general population,
(ii) whether groups of respondents differ in their topic preferences, and (iii) how to measure
these preferences. We address this research gap by presenting the findings of three experimental
studies that we conducted. We found that topic preferences varied between samples and re-
spondent subgroups. Moreover, we validated a measurement instrument to assess respondents’
topic interests. Based on our empirical findings, we derive practical recommendations for survey

research and outline future research opportunities.
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1 Introduction

Respondents’ interest in a survey’s topic is used frequently
by survey researchers to explain and predict survey er-
rors. Whether respondents are interested in a survey’s topic
relates to their participation and cognitive answering pro-
cesses, which consequently impacts nonresponse and meas-
urement errors. With respect to participation in surveys and
nonresponse error, past research has argued that interest in
the topic of a survey increases the likelihood of a potential
respondent participating in the survey (e.g., Groves et al.,
2006; Groves et al., 2004; Groves et al., 2000). For instance,
Frankel and Hillygus (2014) found that politically inter-
ested respondents in political science panel surveys were
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less likely to attrit than respondents with lower political
interest. Along these lines, in an experimental study, Mc-
Gregor et al. (2022) showed that not informing respondents
about a potentially uninteresting survey topic (in their case
political content) yielded a higher response rate compared
to mentioning the topic. Similarly, Groves et al. (2004) re-
ported that respondents were more likely to participate if
they perceived the survey topic as interesting.

Regarding the cognitive answering process and measure-
ment error, the satisficing theory (Krosnick, 1991, 1999)
suggests that respondents decide on how much effort they
will put into answering survey questions based on their task-
related abilities, question difficulty, and motivation. A fre-
quently used operationalization of respondent motivation is
a respondent’s interest in question or survey topics (Blazek
& Siegel, 2024; Roberts et al., 2019; Sturgis & Brunton-
Smith, 2023). For example, with respect to surveys that in-
clude many questions on political attitudes and electoral
behavior, RoBmann et al. (2018) and Schmidt et al. (2019)
found that politically interested respondents were less likely
to engage in detrimental response behavior (e.g., straightlin-
ing) compared to politically less interested respondents. In
a similar vein, Gummer and RoBmann (2015) showed that
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politically interested persons invested more time into an-
swering cognitive demanding questions than less interested
respondents.

When trying to better understand data quality with re-
spect to the participation and answering processes, more
knowledge about respondents’ topic interests is required.
In addition, we argue that research could more actively
use the content of questionnaires to enhance survey per-
formance. The content of a survey is under the control of
the researchers who design and conduct it. While the inclu-
sion of most questions will surely be the result of the re-
search questions that researchers want to answer, we assume
that there will always be some leeway to include question-
naire content that can be used for motivational purposes.
We find it reasonable to assume that researchers can possi-
bly include questions that provide respondents with a more
engaging survey experience, which could help to enhance
their motivation and, thus, improve their answering qual-
ity and participation behavior in future surveys. Utilizing
a strategy involving respondents’ topic preferences would
necessarily involve several trade-off decisions such as re-
ducing the number of questions of interest to researchers
or extending the questionnaire for the purpose of including
questions that target the interests of respondents. While in-
cluding interesting questions may result in a longer survey,
Montaquila et al. (2013) found that including additional
engaging items yielded response rates comparable to those
of a shorter, less engaging questionnaire. However, before
future research can dive into the trade-offs between differ-
ent errors, foundational research is required on measuring
and understanding respondents’ topic preferences and how
respondents differ in their interests.

In the present study, we aimed to enable researchers to
measure and utilize respondents’ topic preferences. Con-
sequently, our first goal was to develop and test a meas-
urement instrument for topic preferences in surveys. Our
second research goal was to assess topic preferences in
a probability-based sample. We also aimed at replicating
our findings in frequently used non-probability samples.

In the following, we introduce our research goal and re-
spective research questions. We then detail our study design
that includes three studies carried out using different types
of samples, which are used frequently by social science
research.

2 Research Questions

Measures exist for respondents’ survey experience or as-
sessment (e.g., Huang et al., 2015; Kaczmirek et al., 2014)
and self-reported answering behavior (e.g., Meade & Craig,
2012) that could provide insights into how engaging or
interesting respondents perceived a survey and its topic.

In addition, the NASA Task Load Index (NASA-TLX) is
a generalist measure for a task’s workload (Hart, 2006; Hart
& Staveland, 1988) that could be used in the survey case.
However, we argue that a specialized measurement instru-
ment for respondents’ topic preferences is needed to fulfil
three practical requirements. First, it should cover various
topics that a researcher can include in their questionnaires.
Second, it should enable researchers to compare and rank
how interesting different topics are to respondents. Third,
it should ask respondents directly which topic they would
prefer to answer questions about and not just ask about their
general interest in topics. Thus, our first research goal was
to develop and test such a measurement instrument.

When asking respondents about their interest in a topic
or, more specifically, about their interest in answering ques-
tions on a topic, a question of validity arises: is the respon-
dents’ understanding of a topic the same as the researchers’
understanding? If an instrument to measure topic prefer-
ences lacks validity, utilizing a questionnaire’s content for
motivational purposes may fail in its purpose or even have
unintended effects when researchers include questions that
are not the content respondents find interesting with respect
to answering questions. Previous research has shown that
respondents often interpret questions differently than the
researchers who designed them (Conrad & Schober, 2000;
Schober & Conrad, 1997). This potential problem might be
especially challenging in self-administered modes in which
an interviewer is not present to clarify a question’s meaning.
Consequently, to develop a valid measurement instrument
for topic preferences, we aimed at answering the following
research question (RQ):

RQ1. Do respondents correctly identify the topics of survey
questions?

Understanding which survey question covers which
topic is an intellectual task. Previous research on knowl-
edge questions in surveys has shown that respondents with
higher education and topic interest were more likely to
answer these questions correctly (Gummer & Kunz, 2022;
Hohne et al., 2021). We acknowledge that these tasks differ
from knowing which survey topic includes which questions.
However, we assume that similar mechanisms are at play
and that a task-related ability is positively associated with
a respondent’s likelihood to correctly assess a question’s
topic. Differences in validity between subgroups could
potentially result in a biased measure of topic preferences.
This bias could endanger the feasibility of utilizing content
as a tool for designing more engaging surveys, especially
when targeting population subgroups. Thus, we aimed at
answering a second RQ:
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RQ2. Which respondents are correctly identifying the topic
of survey questions?

Since we suspected that some respondents might strug-
gle with correctly identifying a survey question’s topic, we
investigated the use of illustrative examples to clarify the
meaning of our topic preference instrument and narrow
down the topic for respondents to improve its validity. We
created two versions of the instrument. Whereas version A
did not include any illustrative examples, version B used
illustrative examples for each topic. We assumed that this
approach could increase the validity of the scale, since it
conveyed the researchers’ understanding of what a specific
topic is to respondents. Regarding the use of illustrative
examples, our third RQ was:

RQ3. Does the use of illustrative examples for topics help
respondents to correctly identify a survey question’s topic?

Given the relevance of survey content and a lack of
knowledge about which topics are interesting for respon-
dents to answer, our second research goal was to assess
topic preferences in a probability-based sample. Since sur-
vey researchers require more knowledge about which topics
respondents generally like (and do not like), we aimed at
answering our fourth RQ:

RQ4. Which questionnaire topics do survey respondents
prefer to answer?

Moreover, not all respondents share the same interests.
Knowing the specific topic interests of population sub-
groups could be vital for tailoring survey content to spe-
cific groups, for instance, to enhance their participation
rates. Such an approach would be in line with the Adaptive
Survey Design paradigm (Schouten et al., 2017; Wagner,
2008). Consequently, our fifth RQ was aimed at assessing
topic preferences among population subgroups:

RQ5. How do respondents differ in their topic preferences?

3 Study Design

To answer our five research questions, we conducted three
empirical studies. Study 1 was devoted to developing and
testing the measurement instrument (RQ1, RQ2, RQ3). For
this study, we conducted a web-based experiment in a non-
probability sample drawn from an online access panel.

In Study 2, we assessed topic preferences in a proba-
bility-based panel sample (RQ4, RQS5). For this purpose,
we implemented the measurement instrument developed in

Study 1 in the GESIS Panel.pop (“Population Sample”),
a probability-based mixed-mode panel in Germany.

To complement both studies with a different sample,
gather additional insights, and test the robustness of our
findings, we conducted Study 3 based on a non-probability
sample recruited via social network platforms, a pilot study
of the GESIS Panel.dbd, which focuses on collecting digital
behavioral data (dbd).

Our selection of samples enabled us to compare findings
between different samples, all of which are frequently used
in social science research: non-probability commercial on-
line access panels, probability-based academic panels, and
non-probability social network recruited samples. Utiliz-
ing the commercial online access panel in Study 1 was
a cost-efficient way to develop and validate our measure-
ment instrument and implement the different experimental
conditions necessary for this validation.

4 Study1

Study 1 aimed at developing and validating a measurement
instrument for respondent’s topic preferences (i.e., answer-
ing RQ1, RQ2, and RQ3).

4.1 Data And Methods

4.1.1 Survey and Experimental Design

We conducted a web survey with individuals sampled from
a large German commercial online access panel that is fre-
quently used by academic and commercial researchers (i.e.,
panelists answer surveys on various topics). We used quota
sampling based on age, gender, and education in a survey
fielded in November 2022. A total of 1621 respondents fol-
lowed the survey invite of which 472 were screened out due
to full quotas, 48 broke off (break-off rate: 4%), yielding
a total of 1101 complete cases. We followed the AAPOR
(2016) recommendations and defined break-off cases as
those who completed less than 50% of the questionnaire.
Additionally, we defined those who did not complete our
survey experiment (see below) as break-off cases so to not
impair our analyses.

The questionnaire contained questions on political atti-
tudes and behavior as well as subjective well-being. On
average, the questionnaire took 6 min and 41s to complete
(median = Smin and 20s). The questionnaire layout was
responsive to facilitate answering on a mobile device with
a small screen. In total, 49% of respondents answered on
mobile devices.
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In the last quarter of the questionnaire, we included the
survey experiment in which we tested the different ver-
sions of our measurement instrument (see below). We ran-
domly allocated respondents to two experimental groups:
one group received version A of the measurement instru-
ment that did not include illustrative examples, whereas the
second group received version B of the instrument featur-
ing illustrative examples that specified our understanding
of the different topics (see Appendix A for English trans-
lations of the instrument). We used t- and y>-tests to test
whether the randomization worked as intended. We found
no differences between the groups regarding age (two-sided
t-test: p = 0.71, A = 0.35), gender (¥*> (df =1) =0.17,p =
0.68), or residence in Germany (x2 (df =2) = 0.70, p = 0.70).
However, we did find a difference between the groups with
respect to education (y? (df = 2) = 10.03, p = 0.01). The
experimental group that did not receive an example had
a higher share of respondents with high education com-
pared to the experimental group that received an illustrative
example. Based on this finding, we checked the program-
ming of the survey but were unable to detect any technical
error. Thus, we assumed that these differences occurred by
chance and decided to control for education in our analyses
(see below).

We developed our topic preference scale based on the
content of the GESIS Panel.pop (for a more detailed
description, see Study 2). This multi-topic, multi-purpose
academic panel features content from various social science
disciplines and adjacent fields. The content of the GESIS
Panel.pop is created by external researchers who can field
their questions in this infrastructure. Since the GESIS
Panel.pop has been operational for more than a decade,
we drew on their classification of question modules and
content because it was reasonable to assume it includes
the major fields and topics of the social sciences. Based
on this classification, we conducted an expert review of
all the content ever fielded in the GESIS Panel.pop and
adjusted our list of topics to cover all the major topics
asked. We used this list in developing our topic preference
scale. We asked respondents: “How interesting do you find
answering questions on the following topics?” (English
translation by the authors). The topic preference scale in-
cluded nine items that were derived from the classification
of question modules and content by the GESIS Panel.pop:
“Satisfaction and Well-Being,” “Personality and Values,”
“Nature and Environment,” “Current Crises,” “Work and
Leisure,” “Economy and Society,” “Political Attitudes and
Participation,” “Social Networks and Media,” and “Flight
and Migration.”

After we provided respondents with the topic preference
scale, we showed them questions and asked them to judge to
which of the topics they belonged. Respondents had the op-
tion to choose multiple topics for each question. We asked

each respondent only to complete this task for three ques-
tions to avoid break-offs due to cognitive burden. We cre-
ated three experimental groups, each containing three dif-
ferent questions to judge (1 “Economy and Society, Work
and Leisure, Nature and Environment”; 2 “Social Networks
and Media, Satisfaction and Well-Being, Personality and
Values”; 3 “Political Attitudes and Participation, Flight and
Migration, Current Crises”). We chose similar topics per
experimental group to ensure that correct answers were not
immediately obvious. To further avoid order effects, we ran-
domized the response options. For English translations of
the question texts, see Appendix A.

4.1.2 Operationalization

To answer our RQs, we created different dependent vari-
ables. Based on the three assessment test questions, we first
computed for each question whether a respondent correctly
answered the question (0 = no, 1 = yes). Then, we calcu-
lated the share of correct assessments for each respondent.
In addition to analyzing the assessments on a question le-
vel (see below), we created a data set in long format that
contains three assessments per respondent (i.e., assessments
clustered in respondents). This data set includes 3303 data
points.

To evaluate the comprehensibility of our measurement
instrument, we used a one-item comprehensibility probe
(Neuert et al., 2025). The respondents’ self-reported com-
prehensibility ranged from 1 (not at all comprehensible) to
7 (completely comprehensible). We rescaled the variable to
range between 0 and 1.

To assess detrimental response behavior to the topic pref-
erence scale as a consequence of respondents trying to re-
duce their cognitive load, we computed a set of four indi-
cators that prior research had used to assess how question
design impacted answers (e.g., Gummer & Kunz, 2021).

Extreme responding. We computed the share of items of
the topic preference scales respondents answered using the
scale endpoints. This indicator ranged from O to 1. Where
.5 indicated that 50% of the items were answered using
either endpoint.

Acquiescence. We computed the share of items of the topic
preference scales for which respondents reported to like
answering questions. This indicator ranged from O to 1.

Midpoint responding. We computed the share of items of
the topic preference scales for which respondents answered
using the scale midpoint. This indicator ranged from O to 1.



RESPONDENTS’ PREFERRED SURVEY TOPICS: MEASUREMENT AND PREVALENCE 119

Item Nonresponse. We computed the share of items of the
topic preference scales for which respondents did not pro-
vide an answer. This indicator ranged from O to 1.

In addition, we created several independent variables. To
gauge the effect of the experimental treatment, we created
a dummy variable indicating whether respondents received
an illustrative example or not when answering the topic
preference scale (0 = no example, 1 = example).

We operationalized the respondents’ task-related ability
using three different variables. Based on the quota-ques-
tion on education, we created a categorical variable (1 =
low, 2 = intermediate, 3 = high). We further used topic
preferences for the respective topic as metric variables that
ranged from 1 (not interesting at all) to 7 (very interest-
ing). Finally, based on the overall survey assessment at the
end of our survey, we created a variable on how interest-
ing respondents perceived the questionnaire in general. This
variable ranged from 1 (not at all) to 5 (very much). We
reasoned that the variable would capture the respondents’
overall engagement with the survey and their commitment
to properly progress through all the steps of the cognitive
response process.

4.1.3 Methods

For developing the measurement instrument, we investi-
gated the topic preferences reported in the sample to as-
sess the discriminatory properties of the scale. To identify
differences between topics, we compared the distributions
between all topic preference variables using y>-tests. We
also compared mean values between topics using t-tests
and ranked the means for illustration purposes. We cal-
culated tests that compare topic preferences with one-an-
other on a subsample containing only complete cases for
the topic preference scale. Thus, respondents that skipped
one or more items were excluded. In addition, we performed
a principal component analysis (PCA) for the 9 topic pref-
erences. We used varimax rotation.

Regarding RQ1 (“Do respondents correctly identify the
topic of survey questions?”’), we analyzed the share of re-
spondents correctly identifying one, two, and three topics.

To answer RQ2 (“Which respondents are correctly iden-
tifying the topic of survey questions?”’), we ran a mixed
effects logistic regression model. In this model, assessment
questions were clustered in respondents (i.e., three ques-
tions per respondent). We used correct assessment of a ques-
tion as a dependent variable. As independent variables, we
included the education, interest in the topic of the respective
question, and perceived interestingness of the survey. Fol-
lowing the satisficing theory (Krosnick, 1991, 1999), we
included these variables to cover task-related ability and

motivation, which determine a respondent’s likelihood to
progress through all steps of the cognitive response process.
Further, we included the experimental group as a control
variable. Following prior research on knowledge questions
(Gummer & Kunz, 2022; Hohne et al., 2021), we included
socio-demographic control variables: gender (1 = male, 2 =
female), age (1 = 18-30 years, 2 = 31-48 years, 3 = 49-63,
4 = older than 63), and region of residency (1 = West, 2 =
East Germany).

To facilitate the interpretation of the logistic model, we
calculated predicted probabilities for each independent va-
riable, with all other variables held constant. We presented
the predicted probabilities in plots. Since we were not in-
terested in the effects of the control variables, we do not
show them. Appendix Table B1 provides the full regression
models including all parameters.

Concerning RQ3 (“Does the use of illustrative exam-
ples for topics help respondents to correctly identify a sur-
vey question’s topic?”), we further analyzed whether re-
spondents were able to correctly match survey questions
to topics. For this purpose, we investigated the number of
questions a respondent correctly matched with topics. We
compared the share of correct assessments between the ex-
perimental groups using t-tests for difference. To account
for the different distributions of educational levels between
the experimental groups, we additionally estimated a mixed
effects logistic regression model using the correct matches
as a dependent variable, and the experimental group and
educational level as independent variables (see Appendix
Table B1 for the full model). Finally, we utilized t-tests to
assess whether respondents’ self-reported comprehensibil-
ity scores differed when they were or were not provided
with illustrative examples.

In addition, to assess whether respondent’s topic prefer-
ences were affected by the offer of illustrative examples,
we compared mean preferences between the experimental
groups using t-tests for difference. To assess how answering
quality and response behavior was impacted by providing
illustrative examples, we compared our indicators for ex-
treme responding, acquiescence, midpoint responding, and
item nonresponse between the experimental groups using
tests for differences in proportions. We also calculated Or-
dinary Least Squares (OLS) regression models using the
different data quality indicators as dependent variables and
the experimental group and educational level as indepen-
dent variables (see Appendix Table B2 for the full models).



120 TOBIAS GUMMER, SASKIA BARTHOLOMAUS, BERND WEISS

Table 1

Respondents’ Topic Preferences in Study 1.

Variable Mean Std. Dev. Min Median Max
Satisfaction and Well- 530 141 1 5 7
Being

Personality and Values 523  1.49 1 5 7
Nature and Environment ~ 5.05  1.61 1 5 7
Current Crises 496 1.66 1 5 7
Work and Leisure 488 1.54 1 5 7
Economy and Society 471 1.57 1 5 7
Political Attitudes and 444  1.81 1 4 7
Participation

Social Networks and 444  1.69 1 4 7
Media

Flight and Migration 430 1.82 1 4 7
N = 1060

4.2 Results

4.2.1 Measurement Properties of the Scale

Table 1 shows descriptive statistics of the respondents’ topic
preferences. For 33 out of 36 comparisons of mean pref-
erences, we found differences (paired t-tests, all p <0.05).
Based on y>-tests, we also found that the response distri-
butions of the 9 items differed 36 out of 36 times (all p
<0.05). We interpret this result as the first evidence for the
discriminatory power of the instrument.

Table 2

Varimax-Rotated Principal Component Analysis of Topic
Preferences in Study 1.

Load- Load- Unique-
Variable ings 1 ings 2 ness
Nature and Environment 0.70 0.26 0.44
Current Crises 0.33 0.76 0.31
Personality and Values 0.84 0.21 0.25
Economy and Society 0.33 0.76 0.31
Satisfaction and Well-Being 0.86 0.20 0.23
Flight and Migration 0.18 0.80 0.33
Work and Occupation 0.60 0.41 0.47
Political Attitudes and 0.23 0.77 0.35
Participation
Social Networks and Media 0.51 0.32 0.64
Eigenvalues 4.60 1.07
N = 1060

Table 2 details the factor loadings of the topic prefer-
ence scale. According to the Kaiser criterion, we found
that the nine items load on two underlying dimensions. The
first component represents a latent dimension that captures
public, political topics, whereas the second component rep-
resents a latent dimension that captures private, personal
topics. Again, we interpret these findings as the first evi-
dence that the instrument discriminates between topics, but
also as an indication that there are topics that are related.

4.2.2 RQL. Do respondents correctly identify the topic
of survey questions?

We found that 7% of the respondents did not correctly iden-
tify any survey question’s topic. In contrast, 22% of the
respondents correctly identified one, 15% correctly iden-
tified two, and 56% correctly identified three. These find-
ings highlight that the majority of respondents shared the
same understanding as researchers when asked about survey
topics. Unfortunately, our data also showcases that a non-
negligible share of respondents did not share the same un-
derstanding as researchers. We interpret these results as
supporting the notion that researchers can ask their survey
respondents about topic preferences, but that respondents
could be supported in reporting better answers when pro-
vided with more appropriate examples or other stimuli.

4.2.3 RQ2. Which respondents are correctly
identifying the topic of survey questions?

Fig. 1 shows the predicted values of the correct assessment
of a survey question’s topic by different variables measuring
task-related ability. Higher education and general interest in
the survey had a positive impact on the correct assessment
of a survey questions’ topic, whereas the respective topic
interest had no effect. Respondents with higher education
(p = 0.00, A = 0.16) and high interest in the survey (p =
0.03, A =0.11) were more likely to correctly link a survey
question to its respective topic than respondents with lower
education and lower survey interest.

4.2.4 RQ3. Does the use of illustrative examples for
topics help respondents to correctly identify a survey
question’s topic?

Concerning the usefulness of illustrative examples for cor-
rectly linking specific survey questions to topics, providing
examples seems to have a limited impact on the correct as-
sessment of survey questions. While we found that respon-
dents who received an illustrative example were marginally
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Predicted Values
Correct Assessment of a Survey Questions' Topic

with 95% Confidence Intervals
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Fig. 1

Predicted Values of the Impact of Task-Related Abilities on the Correct Assessment of a Survey

Question’s Topic.

less likely to correctly link survey questions with the respec-
tive topic than respondents who did not receive an example
(p <0.01, A = 0.06), this effect disappeared when control-
ling for respondents’ education in an additional regression
model (p = 0.168, A =-0.03).

Receiving an illustrative example for topics had no im-
pact on respondents’ assessment of their degree of prefer-
ence for eight out of nine topics (all eight: p >0.05). The
example only had an impact on substantive responses to the
item when providing an example for “Political Attitudes
and Participation”: respondents who received an illustrative
example rated the topic “Political Attitudes and Participa-
tion” less interesting than respondents who did not receive
an example (p <0.01, A =0.31).

The share of acquiescence (proportion test: p=0.68, A =
0.01; regression: p = 0.85, A = —0.00), extreme respond-
ing (proportion test: p = 0.38, A = —0.03; regression: p =
0.29, A =0.02), midpoint responding (proportion test: p =
1.00, A = 0.00; regression: p = 0.80, A = 0.00) and item
non-response (proportion test: p = 0.69, A = —0.00; regres-
sion: p = 0.24, A = 0.00) did not differ between the two
experimental groups.

Regarding question comprehensibility, we found that an
illustrative example had no effect on respondents. Respon-
dents’ mean comprehensibility score did not differ between
the experimental groups (t-test: p = 0.86, A = 0.00). Con-
trolling for respondents’ education in an additional regres-
sion analysis yielded similar results (p = 0.88, A = 0.00).
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5 Study 2

Study 2 aimed at assessing respondents’ topic preferences
in a probability-based sample (i.e., answering RQ4 and
RQ 5). For this purpose, we fielded the measurement ins-
trument validated in Study 1.

5.1 Data And Methods

5.1.1 Survey

In Study 2, we relied on data from the probability-based
GESIS Panel.pop “Population Sample” (Bosnjak et al.,
2018). The GESIS Panel.pop is an open academic panel in
Germany. After recruitment in 2013, the panel went fully
operational in 2014. Before switching the frequency to four
waves per year in 2021, six waves per year were conducted
by the GESIS Panel.pop. With each invitation, respondents
receive an unconditional 5€ incentive.

The GESIS Panel.pop is designed as a self-administered
mixed mode survey in which respondents are free to choose
a (paper-based) mail or web mode for participation. Each
wave’s questionnaire takes approximately 20 to 25min to
complete and contains varying content modules from dif-
ferent social science disciplines. Researchers submit these
modules to be fielded in the GESIS Panel.pop.

For recruitment in 2013, a sample was drawn from Ger-
man municipalities’ population registers and interviewed
in a face-to-face mode. This short recruitment interview
achieved an AAPOR Response Rate 1 (AAPOR RRI;
AAPOR, 2016) of 36%. A total of 4777 respondents were
successfully recruited as panelists. Refreshment samples
were recruited as part of the German General Social Survey
(GESIS, 2018, 2019) in 2016 and 2018 as well as the Inter-
national Social Survey Programme (ISSP Research Group,
2024) in 2021, which also relied on samples drawn from
German municipalities’ population registers. These surveys
achieved AAPOR RR1s of 33% (2016), 31% (2018), and
37% (2021). All in all, 1710 (2016), 1607 (2018), and
764 (2021) respondents were successfully recruited for
the GESIS Panel.pop (Schaurer et al., 2020; Schaurer &
Weyandt, 2018; Stadtmiiller et al., 2023).

We implemented the topic preference scale validated in
Study 1 in wave “ka” (first wave in 2023). This wave was
fielded between February 22 and April 18, 2023. A total of
4998 panelists were invited, of which 4564 completed the
survey, yielding a completion rate of 91%. For our analyses,
we used release version 54.0.0 of the GESIS Panel.pop
(2024) that included wave “ka” data.

Based on Study 1, we decided to implement the topic
preference scale without illustrative examples. After an ex-

pert review and consultation from the GESIS Panel research
staff, we decided to split the item “Work and Leisure” into
two separate items that we assumed could yield more gran-
ular insights. In addition, we slightly adjusted the wording
of a few items to provide more detail for respondents (see
Appendix A for the question wording in Study 2).

5.1.2 Operationalization

For a dependent variable in our analyses, we used the re-
spondents’ topic preferences. Based on our measurement
instrument, we created one variable per survey topic (a to-
tal of 10 variables) by which we measured how interesting
respondents perceived the respective topic (1 = not at all
interesting, 7 = very interesting).

For independent variables, we used standard socio-de-
mographic characteristics: respondents’ gender (1 = male,
2 = female), education (1 = low, 2 = intermediate, 3 = high),
age (1 = younger than 49, 2 = 49-63, 3 = older than 63),
and region of residency (1 = West, 2 = East Germany).
We also used substantive variables describing the political
and societal (dis-)engagement of respondents to grasp dif-
ferences between groups. Thus, we relied on respondents’
general social trust (1 = you can never be too careful, 7 =
most people can be trusted) and political interest (1 = not
at all, 5 = very strong). We standardized both variables to
enable a comparison of the regression coefficients.

Table 3

Respondents’ Topic Preferences in Study 2.

Variable Mean Std. Dev. Min Median Max
Nature and Environment ~ 5.43  1.34 1 6 7
Current Crises 532 142 1 6 7
Personality and Values 526 1.36 1 5 7
Economy and Society 5.08 1.36 1 5 7
Leisure and Rest 496 1.34 1 5 7
Satisfaction and Well- 485 1.51 1 5 7
Being

Flight and Migration 4.83 1.58 1 5 7
Work and Occupation 470 1.62 1 5 7
Political Attitudes and 452  1.61 1 5 7
Participation

Social Networks and 442 151 1 4 7
Media

N =4336
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5.1.3 Methods

Regarding RQ4 (“Which questionnaire topics do survey re-
spondents prefer to answer?”), we investigated the topic
preferences in our sample. To identify differences between
topics, we compared the distributions between all topic
preference variables using y?-tests. We also compared mean
values between topics using t-tests, and ranked these for il-
lustration purposes.

To learn more about the relationship between different
topics and investigate whether they measured latent con-
structs, we performed a PCA for the 10 topic preferences.
We used varimax rotation.

Concerning RQ5 (“How do respondents differ in their
topic preferences?”’), we compared topic preferences across
subgroups of respondents based on socio-demographic and
substantive covariates. To gauge these effects, we fitted OLS
regressions with robust standard errors using topic prefer-
ences as dependent variables and the selected covariates as
independent variables. We computed one model per topic.
To facilitate comparison between models, we plotted esti-
mated effects for all the effects that were significant with
p < 0.05. Full regressions models are available in Tables
B3-BS5 in the Appendix.

Table 4

Varimax-Rotated Principal Component Analysis of Topic
Preferences in Study 2.

Loadings Loadings Unique-

Variable 1 2 ness
Nature and Environment 0.41 0.54 0.53
Current Crises 0.81 0.19 0.31
Personality and Values 0.24 0.77 0.35
Economy and Society 0.81 0.22 0.30
Leisure and Rest 0.04 0.73 0.46
Satisfaction and Well-Being 0.08 0.78 0.39
Flight and Migration 0.83 0.14 0.30
Work and Occupation 0.16 0.59 0.62
Political Attitudes and 0.77 0.16 0.39
Participation

Social Networks and Media 0.29 0.60 0.56
Eigenvalues 4.24 1.56

N =4336

5.2 Results

5.2.1 RQ4. Which questionnaire topics do survey
respondents prefer to answer?

Table 3 shows descriptive statistics of respondents’ topic
preferences. “Nature and Environment” was the most pop-
ular topic, whereas “Social Networks and Media” was the
least popular topic in our sample. Nevertheless, the average
interest in all topics was positive. For 44 out of 45 tests
for differences in means, we found statistically significant
differences with p <0.05. Using y>-tests, we also found the
response distributions of the 10 items to differ 45 times out
of 45 (all p <0.05).

Table 4 shows the results of our PCA. As in Study 1,
according to the Kaiser criterion, topic preferences have
two components. The first component represents a latent
dimension that captures public, political topics, whereas
the second component represents a latent dimension that
captures private, personal topics.

5.2.2 RQS. How do respondents differ in their topic
preferences?

Figs. 2 and 3 show the effects of respondents’ characteris-
tics on their topic interests. These effects can be interpreted
with respect to how specific groups of respondents differ
in their interest in the respective topics. A negative effect
indicates that respondents of a group are less interested in
a topic compared to the reference group, whereas a posi-
tive effect indicates higher interest. We found that women
were more interested in six out of six personal topics, and
more interested in one out of four political topics than men.
However, they were less interested in the topic “Economy
and Society” than men. Higher educated respondents were
less interested in two out of six personal topics and more
interested in one out of four political topics than lower ed-
ucated respondents. With increasing age, respondents were
significantly less interested in five out of six personal top-
ics. Additionally, older respondents were significantly more
interested in the topic “Nature and Environment” as well as
four out of four political topics. Respondents who reside
in East Germany were significantly more interested in two
out of six personal topics and significantly less interested
in one out of four political topics than respondents living in
West Germany. Social trusting respondents were more in-
terested in six out of six personal topics and four out of four
political topics. Political interested respondents were more
interested in four out of six personal topics and four out
of four political topics than respondents with low political
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Fig. 2

Effect of Respondents’ Characteristics on Interest in Personal Topics. Only effects at the p

< 0.05 significance level shown.

interest. However, political interest had a negative impact
on the interest in the topic “Leisure and Rest.”

Comparing effect sizes, political interest was most im-
portant for interest in political topics. In contrast, social trust
and socio-demographical variables were equally or more
important than political interest for an interest in personal
topics. The socio-demographical and political variables ex-
plained between 2% and 9% of the variance of interest in
personal topics and between 13% and 32% of the variance
of interest in political topics. Therefore, we were better able
to account for differing interests in political topics by using
our selected variables than for interests in personal topics.

6 Study 3

To complement and replicate the findings on respondents’
topic preferences in Study 1 and Study 2, we fielded the
measurement instrument in Study 3 as a non-probability
sample recruited via social network sites.

6.1 Data And methods

6.1.1 Survey

For Study 3, we utilized data from a pilot study of the
GESIS Panel.dbd (Digital Behavioral Data Sample). The
main objective of this pilot study was to test the recruit-
ment of participants for a web tracking study (Clemm von
Hohenberg et al., 2024), but it included a web-based survey.
In this survey, we fielded our measurement instrument on
respondents’ topic preferences. For the pilot study of the
GESIS Panel.dbd, a non-probability sample was recruited
using ad-based sampling on Meta Inc. platforms (Facebook
and Instagram) (for a general description of this approach,
see Potzschke et al., 2023).

The initial sample was recruited between May 18 and
July 1, 2023. A total of 45,892 respondents clicked on
an ad, either on Facebook or Instagram. Of those 45,892
respondents, 2667 completed the initial welcome survey
(completion rate: 6%), and 988 respondents consented to
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Effect of Respondents’ Characteristics on Interest in Political Topics. Only effects at the p

<0.05 significance level shown.

becoming part of the panel. Respondents received a 5€
incentive for registering for the GESIS Panel.dbd.

We invited these 988 respondents to the web survey,
of which 862 respondents completed the survey, yielding
a completion rate of 87%. Again, each respondent received
a conditional incentive of 5€. This survey was fielded be-
tween July 5 and August 9, 2023. On average, the ques-
tionnaire took Smin and 11s (median = 3min and 53s) to
complete. In the survey, we implemented the adapted topic
preference scale also used in Study 2 (see Appendix A for
the question wording).

6.1.2 Operationalization

As a dependent variable in our analyses, we used respon-
dents’ topic preferences. Based on our measurement ins-
trument, we created one variable per survey topic (a total
of 10 variables) by which we measured how interesting re-
spondents perceived the respective topic. These variables

Table 5

Respondents’ Topic Preferences in Study 3.
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Variable Mean Std. Dev. Min Median Max
Personality and Values 5.84 1.26 1 6 7
Political Attitudes and 5.84 143 1 6 7
Participation

Nature and Environment  5.81  1.40 1

Current Crises 5.62 145 1

Satisfaction and Well- 5.61 1.38 1 6 7
Being

Economy and Society 5.60 1.32 1 6 7
Flight and Migration 534 156 1 6 7
Leisure and Rest 5.27 1.50 1 5 7
Social Networks and 5.18 1.48 1 5 7
Media

Work and Occupation 5.11  1.60 1 5 7
N =843
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Table 6

Varimax-Rotated Principal Component Analysis of Topic
Preferences in Study 3.

Loadings Loadings Unique-

Variable 1 2 ness
Nature and Environment 0.35 0.51 0.62
Current Crises 0.75 0.17 0.42
Personality and Values 0.28 0.68 0.46
Economy and Society 0.75 0.20 0.40
Leisure and Rest -0.03 0.74 0.46
Satisfaction and Well-Being 0.08 0.78 0.39
Flight and Migration 0.79 0.15 0.36
Work and Occupation 0.24 0.53 0.66
Political Attitudes and 0.82 0.11 0.32
Participation

Social Networks and Media 0.15 0.66 0.55
Eigenvalues 3.79 1.57

N =843

had values between 1 (not at all interesting) and 7 (very
interesting).

6.1.3 Methods

To identify differences in topic preferences, we compared
the distributions between all topic preference variables us-
ing y>-tests. We also compared mean values between topics
using t-tests and ranked these for illustrative purposes.

As before, we investigated the relationship between dif-
ferent topics and underlying latent constructs by performing
a PCA for the 10 topic preferences. Again, we used varimax
rotation.

6.2 Results

Table 5 shows descriptive statistics of respondents’ topic
preferences in the pilot study of the GESIS Panel.dbd. For
36 out of 45 tests for differences in means, we found statis-
tically significant differences (all p <0.05). Using y>-tests,
we also found the response distributions of the 10 items to
differ 45 out of 45 times (all p <0.05). In contrast to the
probability sample (Study 2), “Personality and Values” was
the most popular topic, whereas “Work and Occupation”
was the least popular topic in our sample. As in the non-
probability sample (Study 1), the topic “Nature and Envi-
ronment” was one of the more interesting topics, whereas
“Social Networks and Media” was among the least pre-
ferred ones. Average topic preferences differed between the

samples, which may be important for survey practitioners
who are seeking to increase the interestingness of their sur-
veys. The ranking of topics seems to depend on the survey’s
target population and its net sample.

The results of the PCA on the GESIS panel.dbd data are
displayed in Table 6. As in studies 1 and 2, there are two
components according to the Kaiser criterion: the first com-
ponent represents a latent dimension that captures public,
political topics, whereas the second component represents
a latent dimension that captures private, personal topics.
Since these results are comparable with the results of stud-
ies 1 and 2, we are confident that our findings are robust.

7 Conclusion

With our three studies, we set out to investigate which topics
and content of a survey respondents like to answer questions
about. The main purpose of Study 1 was to develop and
test the instrument based on a non-probability online access
panel sample. In Study 2, we implemented the instrument in
a probability-based panel survey of the German population
to measure topic preferences. Finally, we conducted Study 3
in a non-probability sample, recruited via social network
platforms, for replication and generalization purposes.

Regarding our goal of developing a measurement instru-
ment to capture respondents’ topic preferences (RQ1, RQ2,
RQ3), we found that the majority of respondents correctly
matched questions to the respective topics. However, there
is room for further improvement of our measurement ins-
trument as our subgroup analyses showed, and since a non-
negligible share of respondents incorrectly classified survey
topics. In general, we found that the use of illustrative ex-
amples did not help to improve the rate of correctly matched
questions or the comprehensibility of the instrument.

Regarding our research question on the topic preferences
of survey respondents (RQ4), in three independent studies,
we found variation between respondents on which topics
they would prefer to answer. Analyzing the factor structure
of the 10 topics (9 in Study 1) revealed two underlying la-
tent dimensions: political and personal topics. These find-
ings were consistent across all three studies in which we
fielded the instrument. The ranking of topics varied across
the studies—which specific topics were most favored by
respondents in each sample and which less so.

In Study 2, we found that topic preferences varied across
the subgroups of respondents (RQS5). For example, “Polit-
ical attitudes and Participation” was ranked least preferred
among respondents with low political interest (mean =
2.11), whereas respondents with high political interest
ranked this topic as most preferred (mean = 6.21). These
findings highlight that topic preferences are not uniform
for a whole population but vary across different subgroups.
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If topic preferences are utilized to improve participation
and answering behavior, researchers need to consider this
finding.

Our findings have implications for survey research. First,
the variation we found in topic preferences within samples
means that topics can be utilized to cater to respondents’
interests so to improve survey participation and response
quality. Especially in the context of response quality, previ-
ous research has highlighted the impact that topic interest
has on properly progressing through the cognitive process
of answering questions (Krosnick, 1991, 1999). For two
of our samples (most importantly, our probability-based
sample), political topics were the least favored to answer
by the average respondent. This result is troublesome news
for political science surveys that feature major parts of
the questionnaire on these topics. Based on our findings,
we recommend researchers supplement their surveys with
question modules that the average respondent is interested
in answering such as “Subjective Well-being,” “Personality
and Values,” or “Nature and Environment.”

Second, our finding on varying topic preferences across
subgroups means that topic preferences can be used to tailor
survey content to appeal to specific subgroups. This finding
could be leveraged to improve participation rates and an-
swering quality among respondents likely to not participate
or who provide answers of low quality. A possible imple-
mentation of such a strategy would be to identify groups
at risk of nonresponse or low answering quality and to of-
fer them questionnaires in which parts of the questions are
switched to a module they are likely to find interesting.
Such an approach would, however, require more research
on framing effects. It also would include a trade-off between
collecting answers to the full content of a questionnaire and
sacrificing parts of the questionnaire content to improve an-
swering quality among selected cases. In this regard, previ-
ous research on the use of split-questionnaire design might
offer valuable insights (e.g., Andreadis & Kartsounidou,
2020; Peytchev & Peytcheva, 2017; Raghunathan & Griz-
zle, 1995).

As always, the limitations of our study pose opportuni-
ties for future research. First, we relied on three samples
that were recruited in different ways: Study 1 used a non-
probability sample drawn from a commercial online ac-
cess panel, Study 2 used the probability-based sample of
the GESIS Panel.pop, and Study 3 used a non-probability
sample from the GESIS Panel.dbd. All these samples have
a common characteristic—they stem from panels. That is,
the respondents in these samples have answered surveys
before, what likely made the samples selective and resulted
in participants who have prior experiences with survey con-
tents. Specifically, topic preferences might be connected to
questions asked in previous surveys. Especially with respect
to RQ4, we believe that a replication of our study with

a cross-sectional probability-based survey is necessary to
test the generalizability of our results for the general po-
pulation. Similarly, before generalizing our findings to sur-
veys that utilize different samples, contents, or designs, we
would recommend including our measurement instrument
to assess topic preferences in these surveys and test whether
our findings hold true. Having said that, across the different
samples, we found highly consistent patterns in our PCAs
with respect to which topical dimensions the average re-
spondents prefer. Consequently, while we acknowledge the
need for further studies, we are confident that our results
will generalize.

Second, we drew on data from German studies. Context
will vary between countries and, thus, topic preferences
will likely differ from what we reported in the present study.
We therefore encourage replication of our study in different
countries or even in a cross-national survey to gain more
insights. The measurement instrument we developed could
be used for this purpose.

Third, we expect topic preferences to change over time
as new and different societal discussions arise and values in
the general population change. Our findings for Germany
need to be taken as a snapshot, and we strongly advocate
for subsequent replication to keep the knowledge up to date
on which topics and content respondents like to answer
questions about. For comparability, we recommend the use
of samples and data collection protocols similar to those we
used to field our measurement instrument.

Fourth, we conducted multiple studies to test our find-
ings on the topic preferences of survey respondents. While
offering a wide perspective on this topic, we were not able
to dive into the particularities of the measurement instru-
ment. We found no effect of using illustrative examples,
yet still around 7% of respondents failed to correctly iden-
tify the topic of at least one out of three questions. This
finding highlights that the measurement instrument can be
further improved. Therefore, we invite future research on
how to help respondents to better answer the instrument.
Ultimately, such research would help bridge the potential
gap in the understanding of survey topics between research-
ers and respondents.
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