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Understanding how the public thinks about and understands survey findings is an important part
of understanding the role of surveys in policymaking and democracy more broadly. In this paper,
we examine the results of three vignette experiments conducted within representative sample
surveys in which the methodology and results of a hypothetical public opinion survey assessing
support for specific public policy proposals was manipulated. Respondents’ beliefs about the
accuracy of the survey described in the vignette experiment, and their beliefs about whether or
not it should be considered by policymakers were measured. We used both manipulated (e.g., the
methodological rigor of the survey described in the vignette) and measured (e.g., respondents’
opinions on the proposed policy about which public opinion was measured in the vignette)
independent variables to test four different theoretical models that could be used to explain public
evaluations of public opinion surveys: (1) the rational actor model, which suggests that people
will evaluate more methodologically rigorous surveys more positively; (2) the science literacy
model, which suggests that people high in science literacy will evaluate more methodologically
rigorous surveys more positively than will people low in science literacy; (3) the motivated
reasoning model, which suggests that people will evaluate surveys more positively when the
survey results are consistent with their prior opinions than when they are inconsistent; and (4) a
dual process model approach, which suggests that people will evaluate more methodologically
rigorous surveys more positively only when they are both able and motivated to do so. We found
some support for the scientific literacy and motivated reasoning models, but these findings were
qualified by an interaction between factors associated with respondent motivation, ability, and
survey methodology rigor that strongly supports the dual process model perspective.
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Science and the results of scientific research affect and in-
form almost every aspect of our lives (Durant, Evans, and
Thomas, 1989). Researchers have studied a variety of di-
mensions related to public perceptions of science, including
knowledge, beliefs, and attitudes (Pardo and Calvo, 2004).
Research on knowledge of science has focused on public
understanding of scientific findings, facts, or evidence, but
it has also examined public understanding of the methods
by which science is conducted (e.g., random assignment
to experimental groups or the role of a placebo condition;
e.g., National Science Board, National Science Foundation,
2020).

Although much of this research has focused on how
the public thinks about physical science research, there is
a growing acknowledgement that the public’s understand-
ing of social science research findings and methods are also
important (e.g., Schäfer, 2016). Our research focuses on ex-
amining public understanding of the methods and findings
of the most ubiquitous social research methodology: public
opinion surveys and polls. Specifically, we are interested
in the factors that influence public evaluations of surveys
(specifically their perceived accuracy and usefulness to pol-
icymakers) and the conditions under which people use a sur-
vey’s methodological quality and its results to evaluate it.

We report findings from three vignette experiments con-
ducted with general population samples in the US state of
Ohio to investigate and compare the rational actor, science
literacy, motivated reasoning, and dual process perspectives
for understanding public beliefs regarding the credibility of
survey results. We tested these hypotheses in data aggre-
gated across three vignette survey experiments about three
different current affairs issues, conducted as part of three
different probability-based sample telephone surveys. To
our knowledge, this is the first research directly examining
all four of these possible models and the first direct applica-
tion of a dual process model approach to understanding how
the public perceives surveys and their methodologies.1 We
note that our paper presents information about the results
and methodology of a survey as part of the vignettes in the
telephone surveys. By that, information is presented aurally
to respondents. Although media coverage of survey results

1 Previous literature (e.g., Kuru et al., 2020; Stadtmüller et al., 2022;
Stefkovics and Kmetty, 2024) has explicitly examined motivated
reasoning and rational actor models, finding greater support for the
former than the latter. In addition, a number of studies have tested the
science literacy model (e.g., Kuru et al., 2020; Stadtmüller et al., 2022;
Stefkovics and Kmetty, 2024) by demonstrating that people are more
likely to use survey data quality to evaluate the survey when they have
greater knowledge or cognitive ability, although these studies did not
typically frame these results directly in terms of this theoretical per-
spective. No studies that we are aware of have examined the hypothesis
suggested by dual process models – that people will be more likely
to evaluate carefully and use information such as survey methodology
quality when they are both motivated and able to do so.

and methodology is frequently presented aurally, most pre-
vious research on the topic has examined processing of
aurally and visually presented information.

1 Public Understanding of Public Opinion Surveys

Extensive research has investigated the degree to which
public opinion polls influence attitudes and behaviors, in-
cluding voter turnout (Vannette and Westwood, 2013), vot-
ing behavior (Lavrakas et al., 1991; Sinclair and Plott,
2012), public opinion (Rothschild and Malhotra, 2014; Toff,
2018), opinion expression (Noelle-Neumann, 1993), pub-
lic policy (Jacobs and Shapiro, 2000; Page, 1994; Shapiro,
2011) and other topics (Moy and Rinke, 2012). As sur-
vey response rates within the general public have contin-
ued to decrease, researchers have also begun to investi-
gate variables and conditions associated with public eval-
uations of opinion surveys, which some evidence suggests
are also worsening (Kim et al., 2011). These concerns have
taken on added importance as negative opinions about sur-
veys have in fact been found to be associated with both
unit nonresponse (Loosveldt and Storms, 2008; Stocké and
Langfeldt, 2004) and item nonresponse (Rogelberg et al.,
2001; Stocké, 2006).2

2 Survey Quality and Evaluations: Rational Actor
Approach

It seems reasonable to expect that objective features of in-
dividual survey studies may influence respondent evalua-
tions of their quality and trustworthiness (Salwen, 1987).
For example, research suggests that survey sponsorship can
be associated with public perceptions of opinion polls and
their credibility. In a nationwide U.S. survey, for example,
Presser et al. (1998) found that mentioning a survey spon-
sor who holds a directional position on the policy issue of
interest reduced the perceived poll credibility in four of the
six vignettes examined. Consistent with the rational actor

2 Several respondent characteristics are also known to be associated
with evaluations of public opinion polls. Older persons, for example,
have generally been shown to be less trusting of polls (De Vreese and
Semetko, 2002; Dran and Hildreth, 1995; Lavrakas et al 1991; Price
and Stroud, 2005; Stefkovics and Kmetty, 2024), although some recent
studies have reported the opposite effect, with Stadtmüller et al., 2022
reporting greater survey trust among older respondents and Johnson
et al. (2024) finding a borderline positive association between these
measure. More educated and more politically involved individuals are
also known to have lower trust in opinion polls (Lavrakas et al, 1991;
Stadtmüller et al., 2022; Stefkovics and Kmetty, 2024; Traugott, 1991;
Tsfati, 2001), perhaps because they may have greater exposure to polls
and are more aware of the general methodological limitations of survey
research.
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perspective (Downs, 1957) this suggests that respondents
may be less willing to accept findings from studies con-
ducted by sources perceived by some to be non-credible,
such as foreign or partisan entities.

Several studies have also examined associations between
survey source and public perceptions of opinion surveys.
Presumably, rational actors would be expected to have more
favorable perceptions of survey findings produced by or-
ganizations viewed as being more trustworthy. Kim et al.
(2000) reported an experiment in which they found surveys
conducted by “traditional media” were believed to be more
credible than those conducted by online survey firms in
the United States. At the time the Kim et al. (2000) study
was conducted in 1999, online surveys were still in their
infancy and few were conducted using probability sam-
pling methods, perhaps accounting for public beliefs that
they were less credible. Contrary to rational actor expecta-
tions, though, other available research has not shown survey
source to be associated with perceptions of poll credibility
(Kuru et al., 2017; Presser et al., 1998) or trust (Salwen,
1987; Stadtmüller et al., 2022).

Methodological rigor has also been reasoned to be a po-
tential correlate of public perceptions of survey results. Ex-
periments reported by Kuru et al., (2020) have confirmed
that the public is able to recognize better quality opinion
polls when confronted with polls that vary in quality. As
part of vignette experiments conducted in Germany (Stadt-
müller et al., 2022), Hungary and the U.S. (Stadtmüller
et al., 2022), respondents were found to express greater trust
when surveys were described as having a larger sample size
and when reported as being “representative” or probability-
based. Perhaps as a consequence of their educational experi-
ences, Salwen (1987) reported that undergraduate students
considered polls more trustworthy when probability sam-
pling methods were indicated. Contrary evidence, however,
has been reported by Johnson et al. (2024). Using a national
probability sample of U.S. adults, they found that present-
ing multiple elements of a survey’s methodology as part of
a vignette significantly decreased trust in the survey’s find-
ings, which the authors speculated may have been a conse-
quence of providing respondents with cues regarding study
limitations, provoking less trust in poll results.

These results in part suggest that people may use factors
associated with scientific (i.e., methodological) rigor and
objectivity to evaluate the quality of surveys and the trust-
worthiness of their results in a manner consistent with the
rational actor model. Such factors could include sampling
(probability versus nonprobability), the types of organiza-
tions involved in the research (including the nonpartisan
vs. partisan nature of the survey sponsor and the organiza-
tion conducting the survey), survey participation rate, and
sample size. This leads to the first hypothesis that we tested

in the current study about the predictors of people’s evalu-
ations of surveys:

H1: Methodological rigor will be positively associated with
evaluations of a survey, such that people evaluate more rig-
orous surveys more positively and less rigorous surveys
more negatively. (Rational Actor Hypothesis)

3 Survey Quality and Education: Science Literacy
Approach

An elaboration of the Rational Actor perspective might con-
sider the possibility that rational choice as it pertains to
evaluations of public opinion polling can only operate when
respondents have sufficient scientific literacy or experience
to make rational decisions (cf. Li and Guo, 2021; Miller,
1983). Recent investigations evaluating various measures of
scientific literacy have presented some evidence consistent
with this idea. Weisberg and colleagues (2021), for exam-
ple, reported that a general understanding of science facts
and how science is conducted is associated with accept-
ance of scientific theories such as climate change, vaccine
safety and evolution. Other investigators have also found
positive correlations between measures of science knowl-
edge and acceptance of scientific theories (Miller et al.,
2006; McPhetres et al., 2019; Weisberg et al., 2018). Given
this research, it seems reasonable to expect that those in-
dividuals with a greater understanding of science would be
better able to recognize linkages between how surveys are
conducted and the credibility of their findings.

More directly, several studies have found education
(a proxy for scientific literacy) to moderate the relationship
between provision of methodologic details and perceived
trustworthiness of survey findings. Stadtmüller et al. (2022),
and a replication study by Stefkovics and Kmetty (2024),
each found that persons with higher education were more
likely to identify polls for which methodologic details were
provided as being more trustworthy3. Kuru et al., (2020)
also found that more educated respondents were more
likely to assign more credibility to higher quality polls
when asked to compare them with polls of lower quality.
We refer to this as the Science Literacy hypothesis:

H2: Methodological rigor will predict survey evaluations as
described in H1, but only for respondents with the ability to

3 A footnote in Johnson et al. (2024), however, reported an opposite
finding, with more educated respondents reporting less trust in a survey
when a block of methodologic information was provided, compared
to when no methodologic information was presented. They speculated
that informing respondents of a survey’s methods may provide cues
about study limitations, resulting in less expressions of trust in findings.
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understand the information (we used education as a proxy
for science literacy). (Science Literacy Hypothesis)

4 Survey Results and Evaluations: Motivated
Reasoning Approach

A different theoretical perspective suggests that evaluations
of surveys are primarily driven by the extent to which the
survey results confirm or disconfirm an individual’s own
pre-existing opinions. Contrary to Rational Actor models
of human behavior, this research provides accumulating ev-
idence that people do not consistently process information
in an objective and unbiased manner (Epley and Gilovich,
2016; Lord et al., 1979). Rather, they evaluate evidence
via motivated reasoning processes4 and are more likely to
accept evidence that is consistent with their pre-existing be-
liefs or opinions than evidence that is not (Donovan et al.,
2020; Redlawsk et al., 2010).

For example, in a survey experiment reported by Madi-
son and Hillygus (2020), respondents were more likely to
believe that opinion polls were credible when findings were
consistent with their pre-existing opinions. Similarly, Ts-
fati (2001) found that left-leaning Israeli respondents were
more likely, and right-leaning respondents were less likely,
to trust survey findings predicting a victory for leftist Labor
Party candidate Shimon Peres in the 1996 Prime Minister
election; that is, a finding that Tsfati interpreted as evidence
that “people are more likely to trust polls when the polls
report what they want to hear. (p. 439)” A study by Presser
et al. (1998) reported that, in four out of six policy issues
examined, respondents assigned more credibility to those
poll findings that were consistent with their prior beliefs
on the respective issue. Experiments by Kuru et al. (2017)
showed that respondents who held issue positions that con-
tradicted with the results of polls perceived those polls to
be less credible. They also found this decreased credibility
to be strongest when individuals had high levels of political
knowledge. In a follow-up study, Kuru et al. (2020) ob-
served similar patterns for candidate horse race questions,
with respondents indicating that polls finding that their fa-
vored candidate was leading to be more credible. Also,
during the month before the 1988 US presidential election,
Democrats were less likely than Republicans to believe poll
results showing their candidate (Michael Dukakis) to be be-
hind George Bush in the race (Lavrakas et al. 1991). This
literature is consistent in suggesting the importance of mo-
tivated reasoning processes when individuals evaluate the

4 Motivated reasoning is a form of confirmation bias, a cognitive pro-
cess by which individuals tend to seek out and accept information con-
sistent with their pre-existing beliefs while rejecting information that
may contradict those beliefs (Nickerson, 1998; Plous, 1993).

quality and/or legitimacy of findings from public opinion
surveys.

Other research also supports motivated reasoning in that
perceptions of the findings of opinion polls appear to in-
fluence relevant opinions. For example, research in Taiwan
demonstrated that survey respondents were more likely to
perceive media bias when confronted with poll findings that
did not support their partisan beliefs and candidates (Chia
and Chang, 2017). In Denmark, respondents who had voted
for the losing side in a 2000 referendum on the introduc-
tion of the Euro were more likely to support policies that
placed greater restrictions on the publication of public opin-
ion polls (de Vreese and Semetko, 2002).

Therefore, in contrast to the rational actor or scientific
literacy perspectives, the Motivated Reasoning hypothesis
suggest that survey evaluations are dependent on consis-
tency with pre-existing respondent beliefs:

H3: The consistency of Attitude-poll results with one’s own
attitudes will predict one’s evaluations of surveys, such that
people perceive surveys with findings that are consistent
with their prior attitudes more positively than surveys with
findings that are inconsistent with their prior attitudes. (Mo-
tivated Reasoning Hypothesis)

In summary, past studies have directly or indirectly tested
hypotheses derived from the rational actor, science liter-
acy, and motivated reasoning perspectives (e.g., Kuru et al.,
2017; 2020; Stadmüller et al., 2022; Stefkovics and Kmetty,
2024). There is clear evidence from these studies for the
motivated reasoning perspective and science literacy per-
spectives and mixed evidence for the rational actor per-
spective. However, the previous literature has not consid-
ered dual process models which posit that people are most
likely to carefully process (and use) information when they
are both able and motivated to do so. This perspective sug-
gests that ability and motivation factors interact positively
rather than competing with one another. Below, we briefly
review dual process models and the hypothesis derived from
this perspective.

5 Who Might Consider Survey Quality?: A Dual
Process Approach

Dual process models suggest that information can be pro-
cessed in two different ways (or in ways that fall along
a continuum; Chaiken & Trope, 1999; Claypool, O’Mally,
& DeCoster, 2012) by different individuals. In some in-
stances, people process information quickly and automat-
ically and this processing tends to rely on heuristics and
other cues (cf. Kahneman, 2013). In other cases, they
process information more deeply and intentionally, paying
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more attention to the content of the information and eval-
uating it more stringently. These dual process models have
been widely used for many decades to understand a variety
of cognitive processes, including attitude formation and
change (Chaiken, 1980; Petty & Cacioppo, 1981).

Dual process models suggest that two types of fac-
tors determine whether people will process information
carefully or whether they will process it more superfi-
cially—(1) factors related to whether people are motivated
to do so and (2) those related to whether they are able to do
so. Specifically, people will carefully process information
more thoughtfully when they are both motivated and able
to do so (e.g., Petty & Cacioppo, 1981). This leads to our
final hypothesis:

H4: People will act like rational actors (as described in
H1) only when they are both motivated and able to process
the information about methodological rigor. (Dual Process
Hypothesis)

6 Methods

Our study used three survey datasets that were gathered by
the Center of Survey Research (CSR) at The Ohio State
University (OSU) two decades ago.5 The data came from
three vignette experiments (one experiment in each sur-
vey) that were administered by telephone interviewers. In
each experiment, and using random assignment to condi-
tions, different respondents were read different vignettes
about a current event issue describing a “hypothetical” poll
and its findings. This was done in a way that randomly
varied different aspects of the poll, including its findings
and methodology (e.g., sample size, participation rate, data
collection mode, organization conducting the survey, and
sponsor). After a respondent heard the poll described, s/he
was asked two questions about the poll’s results. Prelimi-
nary findings related to only one of those questions were
presented by Lavrakas et al. (2000).

6.1 The Buckeye State Poll

The data for the three probability-based random digit dial-
ing telephone surveys were gathered as part of the Buckeye
State Poll (BSP), which was conducted monthly in Ohio by
the Center for Survey Research at The Ohio State Univer-

5 At that time, some of the data were used for preliminary analyses and
those findings were presented in an American Association for Public
Opinion Research (AAPOR) paper (Lavrakas, Diaz-Castillo, and Mon-
son, 2000). The first author of this AAPOR paper was the faculty di-
rector of the OSU-CSR at the time and the second and third authors
were graduate research assistants with the OSU-CSR.

sity. Recruitment of sampled respondents and data collec-
tion were carried out by part-time professional telephone
interviewers. The response rates (AAPOR RR 3) for each
survey ranged between 40–50% (AAPOR, 2023). The co-
operation rates for AAPOR COOP3 were in the 75–80%
range (AAPOR, 2023). The first experiment was conducted
in a Franklin County, Ohio survey in September 1997 (n =
719). The second experiment was part of a statewide Ohio
survey conducted in March 2000 (n = 582). And the third
experiment was part of a statewide Ohio survey conducted
in April 2000 (n = 797). (See Supplementary Material Sec-
tion A for more details about these BSPs.)

6.2 Survey Questionnaires and Variables

Survey questionnaires. Each of the three survey question-
naires began with a series of economic-indicator items re-
lated to consumer confidence. Then came a series of items
about a current event topic, which differed for each sur-
vey. The current event topics used for the three datasets
were (a) funding of public education in Ohio, (b) gun con-
trol in Ohio, and (c) the Ohio state lottery. Prior to the
vignettes, respondents were asked an attitudinal item about
their own beliefs/views toward the current event topic that
was focused upon in that month’s BSP. The experimental
vignette6 designs were part of this middle section within
the current event topic sequence of questions and focused
on the current event topic. Each questionnaire finished with
a series of demographic questions. The survey interviews
took approximately 15–20 minutes to complete.

Experimental Vignette Designs. The exact wording of the
vignette to which each respondent was exposed varied ran-
domly according to a multiple factorial design. An example
vignette from the survey on handgun control is shown be-
low with the information that was varied randomly shown
in brackets [/] and in italics:

Suppose you heard some details about a public opin-
ion poll on what Ohioans think about a ban on the sale
of all handguns, except those that are issued to law en-
forcement officers and other authorized persons. The
poll found that [65/35] percent of Ohioans favored
this ban on the sale of all handguns.
There were [1000/2000] adult Ohioans surveyed in
this poll and they were sampled by [interviewers in

6 Within each survey questionnaire, the vignette design was one in
which the wording of a question was randomly altered and randomly
assigned to a respondent, so that different respondents heard different
vignette versions comprised of different conditions of the researcher-
controlled experimental treatment(s) used for the questions (cf. Vargas,
2008; Eifler and Petzold, 2019).



340 ALLYSON L. HOLBROOK ET AL.

Ohio shopping malls asking every 10th person who
walked past them to fill out a questionnaire/randomly
selecting Ohioans with e-mail addresses and asking
them to fill out a questionnaire on an Internet site].
About [70/30] percent of the Ohioans who were sam-
pled participated in the survey.
The survey was paid for by [a major newspaper in
Ohio/the National Rifle Association] and conducted
by [a market research firm in Ohio/the Gallup Organ-
ization].

Using this approach, the original researchers (i.e., Lavrakas,
et al. 2000) conducted the three studies in an iterative fa-
shion. Each included a vignette experiment that system-
atically manipulated information in the description of the
hypothetical survey. They also randomly varied whether the
respondents heard the poll result before the methodologi-
cal information or in the opposite order, and whether the
first dependent variable (see below) was measured before
or after the second dependent variable.

Each vignette experiment was basically constructed us-
ing a 2 (poll results) × 2 (sample size) × 2 (participation
rate) × (sampling mode) × 2 (poll sponsor) × 2 (polling or-
ganization) factorial experimental design with some slight
variations across the three studies.7 Table 1 shows the vi-
gnette information that was randomized in the three stud-
ies.8

Dependent variables. Immediately after the vignette was
heard, respondents were asked two questions about the
survey described in the vignette to assess the perceived ac-

7 In all, there were 576 different randomly-generated vignette versions
used across the three surveys. This takes into account the nature of
the particular factorial designs in each of the three surveys, including
the randomization of the orders in which the two dependent variables
were presented, and the order in which the hypothetical poll results vs.
the order of the hypothetical poll methods within each vignette were
presented. Based on our calculation, the first survey included 2^7 =
128 possible vignette versions, the second survey included 2^8=256
possible vignette versions, and the third survey included 2^6 * 3 = 192
possible vignette versions.
8 Some readers might be concerned that these vignettes were read to
respondents in telephone surveys, so respondents needed to process the
information as it was read to them and cannot control the pace of the in-
terview. Some authors (e.g., Auspurg and Hinz, 2014; Auspurg, Hinz,
and Walzenbach, 2019) have recommended that researchers use self-
administered modes for vignette studies, particularly those that manip-
ulate numerous dimensions. These authors also identify 6-8 variable
dimensions with 2–3 levels as a “mid-level of complexity” and rec-
ommend that researchers limit the number of vignettes per respondent
to no more than 10 vignettes to prevent fatigue (Auspurg, Hinz, and
Walzenback, 2019). Regarding the latter, our research exposed respon-
dents to only one vignette.

However, no direct evidence regarding the unsuitability of the tele-
phone mode is presented by these authors (indeed, none of the research

curacy of the survey and whether or not they believed
its results should be considered by elected officials:

How accurate do you believe this poll is? Would you
say it is ...
<1> extremely accurate,
<2> quite accurate,
<3> fairly accurate,
<4> not too accurate, or
<5> not at all accurate?
<9> UNCERTAIN
When our elected officials are considering legislation
about [CURRENT EVENT ISSUE], do you think they
should consider the results of this poll in making their
decisions or not?
<1> YES, SHOULD CONSIDER
<2> NO, SHOULD NOT CONSIDER
<9> UNCERTAIN

Responses to the first question were recoded into an Ac-
curacy variable that ranged from 0 (not at all accurate) to
1 (extremely accurate). Responses to the second question
were recoded into a Consideration variable coded 0 for
“should not consider” and 1 for “should consider.”9 The

by Auspurg, Hinz, and colleagues examined vignette data conducted
in telephone surveys). However, Andernach and Schunk (2014) di-
rectly investigated the feasibility of factorial surveys using CATI and
concluded that the evidence that factorial vignette studies could be
implemented in CATI surveys was encouraging. Our review also sug-
gests that factorial surveys using CATI methods are in fact commonly
reported in the peer-reviewed literature. These include studies in sev-
eral prominent journals, including the American Journal of Political
Science (Berinsky & Mendelberg, 2005), the American Sociological
Review (Pager & Quillian 2005), BMJ Open (Whiddett et al., 2016) the
Journal of Ethnic and Migration Studies (Canan & Foroutan, 2016),
Political Research Quarterly (Djupe & Calfano, 2012), and Public
Opinion Quarterly (Hopkins & King, 2010).

We would argue that the telephone administration of our vignette ex-
periments was likely to produce valid data because the vignette ex-
periments that we used manipulated 5-6 factors with 2–3 levels each,
representing the low end of recommended complexity. Null findings
also seem the most likely result if respondents are unable to process
vignette information carefully, so the concern about telephone surveys
would not undermine the validity of significant findings. Nonetheless,
we acknowledge this as both a limitation and a strength of our research.
It is a weakness because our findings are limited to telephone surveys
(or at least aurally presented information). However, it is a strength be-
cause information about survey methods and results may be presented
aurally by the media, so assessing processing in this mode reflects a re-
alistic information presentation situation that is unique to our studies.
9 The second dependent variable in each of the three surveys was asked
as an open-ended question, with the respondents’ verbatim responses
being coded by interviewers into one of the three answers that were
used for this item. That is, interviewers were not asked to code the an-
swers they heard into a more varied response scale of options, due to
concerns about the interviewers’ abilities to do that reliably. One limi-
tation of this question is that it included only two substantive responses,
so it has limited variance. To the extent this is likely to impact results,
it is likely to make it more difficult to find the predicted effects.



USING EXPERIMENTAL VIGNETTES IN TELEPHONE SURVEYS TO STUDY HOW... 341
Ta

bl
e

1

In
fo

rm
at

io
n

R
an

do
m

ly
A

ss
ig

ne
d

in
th

e
Vi

gn
et

te

Su
rv

ey
Is

su
e

Po
ll

re
su

lt
s

Fa
vo

r
Sa

m
pl

e
si

ze
Pa

rt
ic

ip
at

io
n

ra
te

Po
ll

Sp
on

so
r

D
at

a
C

ol
le

ct
io

n
M

od
e

an
d

Sa
m

pl
in

g
St

ra
te

gy
Po

ll
in

g
or

ga
ni

za
ti

on

A
ug

us
t1

99
7

Sc
ho

ol
vo

uc
he

rs
40

or
60

%
20

0
or

10
00

80
or

20
%

D
ai

ly
ne

w
sp

ap
er

or
R

el
ig

io
us

de
no

m
in

at
io

n
M

al
li

nt
er

ce
pt

or
R

D
D

N
ot

m
en

ti
on

ed

M
ar

ch
20

00
H

an
dg

un
co

nt
ro

l
65

or
35

%
10

00
or

20
00

70
or

30
%

M
aj

or
O

hi
o

ne
w

sp
ap

er
or

N
R

A
E

nh
an

ce
d

m
al

li
nt

er
ce

pt
or

W
eb

su
rv

ey
G

al
lu

p
or

M
ar

ke
tr

es
ea

rc
h

fir
m

in
O

hi
o

A
pr

il
/M

ay
20

00
E

li
m

in
at

e
O

hi
o

L
ot

te
ry

60
or

40
%

10
0,

20
00

or
10

,0
00

45
or

55
%

M
aj

or
O

hi
o

ne
w

sp
ap

er
or

O
hi

oa
ns

A
ga

in
st

th
e

L
ot

te
ry

H
el

d
co

ns
ta

nt
G

ro
up

of
vo

lu
nt

ee
rs

or
G

al
lu

p

“uncertain” responses for both questions were coded as
missing.

Manipulated indicators of survey quality. A total of five of
the vignette factors were associated with methodological
rigor (sample size, participation rate, survey sponsor, or-
ganization that conducted the survey, and the data collection
mode/sampling approach):

– For the sample size variable, each vignette presented
sample sizes that ranged from 100 to 10,000 across the
three surveys. In order to rescale this variable and also
account for the greater importance of increased sample
size at lower levels, we took the natural log of this
value to account for diminishing returns of larger sample
sizes (e.g., for a sample size of 100, ln(100) = 4.61; for
a sample size of 10,000, ln(10,000) = 9.21) and then
rescaled these values so that the variable ranged from
0 to 1 where higher values indicated larger sample sizes.

– The participation rate reported in the vignette ranged
from 20 to 80%. This was recoded so that participation
rates could range from a possible value of 0 (for 20%) to
1 (for 80%).

– The poll sponsor variable indicated the type of organiza-
tion that sponsored the hypothetical poll. It was recoded
as a dichotomous variable, with 0 representing an advo-
cacy (i.e., potentially biased) organization10 and 1 repre-
senting a well-known daily newspaper.

– The polling organization variable indicated the type of
organization that carried out the recruitment and data col-
lection. That was recoded into 0, 0.5, and 1, with 0 repre-
senting groups of volunteers, 0.5 representing market re-
search firms, and 1 representing the Gallup organization.

– The last survey quality indicator was about the sampling
approach and respondent recruitment mode. It was re-
coded to 0.0, 0.33, 0.67, and 1.0, with 0 representing mall
intercept surveys, 0.33 representing enhanced mall inter-
cept surveys, 0.67 representing Web surveys, and 1 rep-
resenting RDD surveys11. The larger value implies survey
modes that are more likely to yield a representative un-
weighted final sample.

10 At the time in the U.S. that the School Voucher survey was carried
out, it was well known within the general population that private re-
ligious-based schools were strong advocates of implementing school
voucher laws. Thus, in that experimental vignette, the poll sponsor be-
ing cited as a “religious denomination” (as opposed to a “Major News-
paper”) would be perceived as a biased sponsoring organization by
many Americans.
11 At the time of the Handgun survey, it was reasoned that a random-
selected survey of emails addresses would more likely be perceived by
the general public as a more representative survey sampling method
than sending interviewers to shopping malls (without specifying how
the malls were selected). However, at the time of this survey, it was
also reasoned that a Web survey would be perceived as less likely to
yield a representative sample than an RDD survey.
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Table 2

Descriptive Statistics for Categorical Variables

Variable Label Value Frequency Percent

Categorical Variables

Newspaper 1 1076 51Reported poll sponsor (manipulated)

Advocacy group 0 1022 49

Gallup 1 682 49

Market research firm 0.5 306 22

Reported polling organization (manipulated)

Group of volunteers 0 391 28

RDD survey 1 1142 54

Web survey 0.67 287 14

Enhanced mall intercept (randomly selected every
nth person to ask to participate)

0.33 295 14

Reported data collection mode/sampling
strategy (manipulated)

Mall intercept 0 374 18

Consideration/accuracy 1 1021 49Order of dependent measures (manipulated)

Accuracy/consideration 0 1077 51

Methods/results 1 1087 52Order of information within vignette
(manipulated) Results/methods 0 1011 48

Consistent 1 948 49Opinion Consistency (calculated)

Inconsistent 0 995 51

Yes 1 1181 59Consideration (measured)

No 0 820 41

As previously mentioned, not all the five variables were
manipulated in each of the surveys. For example, the polling
organization was not included in the School Voucher survey
vignette. In addition, the data collection mode was held
constant (the telephone mode) in the Lottery survey; thus,
the values for this variable in the Lottery survey were all
recoded to 1.

In addition to these five variables, we created three in-
dices from these variables. The first was an objective survey
quality index (OSQI) which were averages of the sample
size, participation rate, and mode/sampling strategy quality
variables. The second was a subjective survey quality index
(SSQI) which was an average of the survey sponsor and
data collection organization variables. Finally, we created
an total survey quality index (TSQI), which was calculated
as an average of all five of the manipulated quality vari-

12 Creating indices of the manipulated variables makes assumptions
that are not necessarily warranted, including that these factors are
equally important indicators of methodological quality. We recoded
each of these variables to range from 0 to 1 for the lowest and highest
quality, but in some cases these coding choices were arbitrary. The goal
of creating these indices was to assess whether respondents’ accuracy
and use ratings were responsive to an overall aggregate measure of
survey methods quality, albeit a rough and imperfect one. Because
analyses using OSQI and SSQI showed similar patterns for the two

ables.12 (see Tables 2 and 3). These indices all ranged from
0 to 1 with higher values indicating greater quality.

These indices were used to test whether respondents used
survey quality in evaluating surveys (H1), whether only
highly educated respondents did so (H2), and whether only
respondents who were motivated and able to carefully pro-
cess this information did so (H4).

Opinion consistency. For each survey, respondents were
asked their opinion about the issue addressed in the vignette
before they were exposed to the vignette experiment:

– In the August 1997 survey, respondents were asked: Do
you favor or oppose the use of tax-supported vouchers to
help finance private education?

– In the March 2000 survey, respondents were asked:
Would you favor or oppose a ban on the sale of all hand-
guns, except those that are issued to law enforcement
officers and other authorized persons?

– In the April 2000 survey, respondents were asked: Do
you believe the Ohio Lottery should continue as it is, be
eliminated altogether, or be expanded to include multi-
state games such as Powerball? Respondents who said

separate quality indices, we present results using the TSQI in the main
text for parsimony and analyses examining OSQI and SSQI separately
are shown in Section C of the Supplementary Materials.
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Table 3

Descriptive Statistics for Continuous Variables

Variable Mean
Standard
deviation Minimum Maximum Sample Size

Continuous Variables

Reported survey participation rate
(manipulated)

0.49 0.34 0 1 2098

Reported survey sample size (manipulated) 0.48 0.30 0 1 2098

Objective Survey Quality Index (OSQI) 0.55 0.21 0.05 0.86 2098

Subjective Survey Quality Index (SSQI) 0.54 0.39 0 1 2098

Total Survey Quality Index (TSQI) 0.55 0.19 0.03 0.92 2098

Accuracy 0.44 0.22 0 1 2053

they believed the Ohio Lottery should be eliminated alto-
gether supported the proposed policy of eliminating the
lottery described in the vignette, while those who said the
Ohio Lottery should either continue as is or be expanded
opposed the proposed policy.

These policy opinion questions were used along with
the survey result factor that indicated the proportion of the
public that endorsed the particular policy addressed in the
vignette to construct an Opinion Consistency variable. This
measured the consistency of the poll results in the vignette
to which a given respondent was randomly exposed with
the respondent’s own previously reported opinion towards
the current event issue that the poll measured. This variable
was coded 1 if the survey result was consistent with the
respondent’s prior opinion and 0 if it was not.

This variable was used to test whether respondents eval-
uated surveys whose results they agreed with more favor-
ably than those whose results they disagreed with (H3) and
whether people might be more motivated to scrutinize (and
therefore use) methodological information to evaluate sur-
veys when the survey result is inconsistent with their own
prior opinions (H4).

Vignette order. An additional independent variable was
used in our analyses, and this came from the original sur-
veys. This variable (Vignette Order) indicated the order of
the information about the poll result and methodology of
the hypothetical poll which was randomized in the vignette
that a respondent heard. This occurred in two orders: one
presented the poll results before the methodology of the
poll was explained, and the other order had the poll results
presented after the methodological details were given. Vi-
gnette Order was coded “0” if results were first presented
and methods were second, and to “1” if methods were
first presented and results were second. This variable was
used to test whether respondents would be more motivated

to scrutinize (and therefore use) survey methodological
information to evaluate surveys when they knew the survey
result was inconsistent with their own prior opinions prior
to hearing about the methodology (H4).

DV order. Another independent variable was used and rep-
resented the order in which the two dependent variables
(i.e., Accuracy and Consideration) were measured was also
manipulated experimentally as part of the vignette exper-
iment. The variable, DV Order, was coded 0 if Accuracy
was measured before Consideration and 1 if Consideration
was measured before Accuracy. This variable was included
as a control variable in all analyses but was not directly
relevant to our hypotheses.

Education. A final independent variable from the origi-
nal surveys that was used in the analyses was the respon-
dents’ self-reported educational attainment level. Respon-
dents were asked: “What is the highest grade or year of
school you have completed?13” Answers were coded into
three categories: (1) high school degree or less (baseline),14

(2) some college, and (3) four-year college degree or more.
That variable then was used to create two binary dummy
variables for the analyses, each coded 0/1. One dummy va-

13 As is often used in U.S. general population surveys, the educational
attainment item was asked as an open-ended question, which the inter-
viewer coded into a provided list of educational levels that the respon-
dent did not see or hear. This list of attainment levels, which the inter-
viewer used to code the respondent’s verbatim response into ranged
from 1st grade to a Doctorate or an Advanced professional degree.
Thus, this scale was an ordinal (not an interval) variable. As such, the
coded answers were recoded into a smaller set of categories for ana-
lytic purposes, as is routinely done in most general population surveys
in the U.S.
14 Respondents with less than a high school education were combined
with those with a high school education due to a relatively small num-
ber of respondents reporting less than a high school education.
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riable was for the Some College category and one for the
Four-Year College Degree category.

Education was used as a proxy for scientific literacy to
test whether respondents with greater science literacy (i.e.,
higher education respondents) would be more likely to use
a survey’s methodological rigor to evaluate it than respon-
dents with lower science literacy. Education was also as
a proxy for respondents’ ability to process methodological
information in order to test H4.

6.3 Analytic Approach

We conducted all analyses using Stata. We began by assess-
ing whether there were important differences in the depen-
dent variables across the three surveys to determine whether
we needed to control for Survey when combining the data
across surveys. We found no associations between Survey
and Accuracy (F(2,2050) = 1.07, p = 0.34, N = 2052) or
Consideration (χ2(2) = 0.95, p = 0.62, N = 2001). Therefore,
we combined data across the three surveys and conducted
our analyses using simple OLS and logistic regression with-
out controlling for survey as a clustering variable.

We began by estimating models that regressed each
dependent variable on each of the manipulated survey
methodology factors separately for each survey and com-
bined across surveys (H1) along with Opinion Consistency
(H3), Vignette Order, DV Order, and Education. We then
conducted these analyses using SSQI and OSQI instead
of the individual manipulated quality variables. Finally,
we estimated models using a single TSQI index. These
analyses tested H1 and H3 using different approaches to
operationalizing survey quality. We coded education into
three categories for these analyses to help ensure that we
had a sufficient sample size in each education category.
Next, we estimated models for each dependent variable
with all two-way interactions between the OSQI, Opinion-
Consistency, Vignette Order, and Education (controlling for
SSQI); models for each dependent variable with all two-
way interactions between the SSQI, Opinion-Consistency,
Vignette Order, and Education (controlling for OSQI);
and models for each dependent variable with all two-way
interactions between the TSQI, Opinion-Consistency, Vi-
gnette Order, and Education. This allowed us to test H2 by
assessing whether the impact of each of the three survey
quality indices varied for respondents with different levels
of Education (as a proxy for science literacy). We next
estimated models for each dependent variable with all two-
and three-way interactions (we did so for completeness,
although these did not provide direct tests of any of our
hypotheses).
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To test H4, we estimated models for each dependent
variable with all two-, three-, and four-way interactions
between these variables using each survey quality index
separately. Specifically, H4 predicts a four-way interaction
between survey quality, Opinion Consistency, Vignette Or-
der and Education, such that survey quality is hypothesized
to predict Accuracy and Consideration among high educa-
tion respondents who were told about survey findings that
contradicted their prior opinions before the survey method-
ology was described to them.

Finally, for subgroups/conditions in which quality pre-
dicted both dependent variables, we tested whether percep-
tions of Accuracy mediated the impact of the survey quality
on Consideration using the sem command in Stata.

7 Results

7.1 Descriptive Statistics

Table 2 shows descriptive statistics for all the variables in
our analyses aggregated across the three surveys. All ma-
nipulated variables used random assignment, but because
some of the variables were not manipulated in all studies,
sample sizes for each level of some of the manipulated
variables vary.

7.2 Main Effects: Rational Actor vs. Motivated
Reasoner

Models 1 and 5 in Table 4 show the results of models where
each dependent variable is regressed on the main effects of
the TSQI, Opinion Consistency, Vignette Order, DV Order,
and Education. There was no support for H1(Rational Ac-
tor)—the main effect of the TSQI was not significant in
either analysis. Providing support for H3, Opinion Consis-
tency was a significant predictor of Accuracy ratings, such
that respondents rated polls that were consistent with their
pre-existing attitudes as being more accurate than those that
did not (coefficient = 0.04, SE = 0.02, p = 0.001). In addi-
tion, respondents with a four-year college degree or more
education rated the surveys as less accurate than did those
with a high school degree or less education (coefficient =
–0.05, SE = 0.02, p < 0.001).

Model 5 in Table 4 shows that the main effects findings
for Consideration overlapped somewhat. Again, supporting
H3, Opinion Consistency was a strong predictor of report-
ing that the survey should be considered by policymakers
(logistic coefficient = 0.40, SE = 0.09, p < 0.001). However,
Education was not a significant predictor of Consideration.

The order of the dependent variable (DV Order) was
a significant predictor of consideration (logistic coeffi-
cient = 0.35, SE = 0.10, p < 0.001). Respondents were
more likely to report that the poll results should be con-
sidered by policymakers if they were asked Consideration
before Accuracy than if they were asked Accuracy first.
This was not an effect we predicted, but it makes sense
if the act of answering about Accuracy leads respondents
to be more aware that they should be concerned about the
accuracy of the survey when making their Consideration
judgments.15

The main effects model provides no evidence for the Ra-
tional Actor Model (H1) and strong evidence for the Moti-
vated Reasoning Model (H3). The strongest direct predictor
of evaluations of the survey (both Accuracy and Considera-
tion) was whether the survey finding regarding public opin-
ion on a proposed policy was consistent or inconsistent with
a person’s pre-existing opinion about the policy.

7.3 Interaction Effects: Scientific Literacy and Dual
Process

The main effects reported above were qualified by a num-
ber of significant interactions. Models with main effects
and all two-way interactions between the TSQI, Opinion
Consistency, Vignette Order and Education are shown in
Models 2 and 6 in Table 4.16 These analyses provide some
support for H2, the Science Literacy hypothesis. The inter-
action between the TSQI and college degree was positive
and significant for both the Accuracy variable (coefficient =
0.14, SE = 0.06, p = 0.02) and the Consideration variable
(coefficient = 1.43, SE = 0.60, p = 0.02), providing evi-
dence that respondents who received a college degree were

15 Table C1 (see Section C of the Supplementary Materials) shows bi-
variate associations between each of manipulated survey quality vari-
ables, the other independent variables and the two dependent variables
separately for each of the three surveys and combined across surveys.
Table C2 (see Section C of the Supplementary Material) shows the re-
sults of multivariate models predicting Accuracy and use ratings with
separate manipulated survey quality factors and the other independent
variables separately for each survey and combined across surveys. Fi-
nally, Models 1 and 5 in Tables C3a and C3b show multivariate analy-
ses predicting each of the dependent variables with the OSQI, SSQI,
and other independent variables. Overall, these results suggest that
the individual manipulated survey quality factors are not consistently
or strongly associated with Accuracy or Consideration across studies,
providing little support for H1 (Rational Actor). Similar to the TSQI
variable, OSQI and SSQI also do not consistently predict either Accu-
racy or Consideration.
16 Parallel analyses for OSQI and SSQI are shown in Section C, Tables
C4a and C4b. These results suggest that similar patterns are shown for
the index of objective survey quality factors (OSQI) and the index of
subjective survey quality factors (SSQI) providing further support for
combining these into TSQI.
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more likely to consider survey quality than were those with-
out a college degree when considering survey accuracy and
whether a survey’s results should be considered by policy-
makers.

For completeness, Models 3 and 7 in Table 4 include
main effects and all two- and three-way interactions be-
tween these variables. Models 4 and 8 in Table 4 include
all main effects, and two-, three-, and four-way interactions
between these variables. Most notably, although some of the
two- and three-way interactions are significant, all these ef-
fects are qualified by the interactions shown in the last two
rows of Table 4. For Accuracy ratings, the interaction be-
tween the TSQI, Opinion Consistency, Vignette Order, and
the dummy variable for a four-year college degree or more
was significant (coefficient = 0.56, SE = 0.24, p = 0.03) and
this same interaction was highly significant for the Consid-
eration dependent variable (logistic coefficient = 8.57, SE =
2.47, p = 0.001). Parallel analyses for OSQI and SSQI are
shown in Tables C4a and C4b of the Supplementary Mate-
rial. These results show similar patterns of interactions for
OSQI and SSQI.

In order to illustrate the exact nature of this four-way
interaction, we conducted analyses looking at the TSQI by
Opinion Consistency by Vignette Order interaction by Edu-
cation level (see Table 5; parallel analyses for OSQI and
SSQI are shown in Tables C5a and C5b). For both depen-
dent variables, the main effect of the TSQI was significant
only for respondents with at least a college degree (Accu-
racy: coefficient = 0.32, SE = 0.10, p = 0.001; Considera-
tion: coefficient = 3.52, SE = 1.07, p = 0.001), providing
evidence for the science literacy perspective (H2). How-
ever, these main effects were qualified for respondents with
at least a four-year college degree by a three-way interac-
tion between the TSQI, Opinion Consistency, and Vignette
Order (Accuracy: coefficient = 0.46, SE = 0.19, p = 0.02;
Consideration: logistic coefficient = 6.76, SE = 1.91, p <
0.001). Only among respondents with at least a four-year
college degree, Accuracy and Consideration were a joint
function of the TSQI, Opinion Consistency, and Vignette
Order.

Table 6 further illustrates the nature of this interaction by
showing the effect of the TSQI (controlling for DV Order)
for respondent subgroups split by Opinion Consistency and
Vignette Order for respondents with a four-year college
degree or more (parallel results are shown for OSQI and
SSQI in Table C6 in Section C of the Supplementary Ma-
terial). These results show that methodological quality is
the strongest predictor of both Accuracy and Consideration
among respondents with at least a four-year college degree,
when the survey result was inconsistent with the respon-
dent’s prior attitude on the current event issue on which
the survey focused and when respondents were told the
survey result before they were told the survey’s method-

ological information (see Model 4 in Table 6), providing
strong support for H4.

Mediation Analysis. For those with a at least a four-year
college degree who had prior attitudes that were inconsis-
tent with the survey result they learned about, and who were
told the survey result before the survey methodology in the
vignette that was read to them, we also tested whether Accu-
racy perceptions mediated the effect of the TSQI on Consid-
eration. Among these respondents and consistent with the
results described thus far, the TSQI significantly predicted
Accuracy beliefs (coefficient = 0.25, SE = 0.08, p = 0.002).
In addition, Accuracy significantly predicted Consideration
beliefs (coefficient = 1.39, SE = 0.17, p < 0.001).17 Tests
of direct and indirect effects (using the Stata estat teffects
command) showed that the TSQI had both a significant di-
rect effect on Consideration beliefs (coefficient = 1.39, SE =
0.17, z = 8.00, p < 0.001) and a significant indirect effect
(coefficient = 0.35, SE = 0.12, z = 2.91, p = 0.004). These
results suggest that the impact of the TSQI on Considera-
tion beliefs was partly mediated by perceptions of Accuracy
for this subgroup of respondents.

Effect of the Order of Dependent Variables. As described
above, the variable indicating the order of the dependent
variables was a significant predictor of Consideration be-
liefs but not of perceived Accuracy (see row 4 in Models 1
and 5 in Table 4), such that respondents were less likely
to indicate that they thought the survey result should be
considered by policymakers when they were asked about
survey Accuracy before being asked about Consideration
by policymakers (relative to respondents who were asked
about Consideration by policymakers before being asked
about Accuracy). We did not have a hypothesis about this
variable and its possible effects, but our post hoc interpreta-
tion of this is that asking respondents about Accuracy first
reminded respondents that a survey might not be accurate,
thereby tending to reduce their belief that the survey should
be considered in policymaking.

We also tested whether the manipulation of the ordering
of the dependent variables moderated the effect of quality or
varied by respondent education (by examining interactions
between this order variable, education, and the TSQI). None
of these interactions were significant, suggesting that this
effect did not moderate the effect of the TSQI on the depen-
dent variables and its effect did not differ across education
levels (or levels of other variables). This is also illustrated

17 We also tested these relationships using the Stata gsem command,
which allowed us to specify that Consideration was dichotomous while
Accuracy was continuous, but the Stata estat teffects command is not
available for the gsem procedure. The results for the key relationships
showed the same substantive results regardless of whether sem or gsem
was used.
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in row 4 of Models 4, 5, and 6 in Table 5, which shows
that the effect of the order of the dependent variable (while
larger and conventionally significant only among respon-
dents with a high school degree or less), was consistently
positive and of comparable size. Row 2 of the bottom panel
of Table 6 shows more variability in the effect of dependent
variable order on Consideration, but these interactions were
not significant.

8 Discussion and Limitations

To our knowledge, our research is the first comprehensive
comparison of models testing the factors that influence re-
spondents’ evaluations of surveys and the first to consider
whether dual process models explain the conditions un-
der which respondents use information about the quality of
a survey’s methodology.

We found no support for the rational actor model (H1)
that suggests that respondents will evaluate surveys based
on their quality. However, weak support was found for the
science literacy model—there was some albeit limited ev-
idence that the evaluations by more educated respondents
were more likely to be affected by quality than the eval-
uations by less educated respondents (H2). That is, more
educated respondents were more likely to evaluate survey
quality in a rational manner.

When examining main effects of the predictors, the
motivated reasoning model was strongly supported (H3)—
respondents evaluated surveys that had findings consis-
tent with their prior attitudes more positively than surveys
whose results were at odds with those attitudes. However,
the motivated reasoning evidence finding was qualified by
a set of complex, yet statistically significant, interactions
that suggested that the consistency of a survey result with
one’s opinion may also play a role as a motivator to pro-
cess information about the survey’s methodology, but only
among respondents who are able to do so. We found strong
support for the dual process model (H4) hypothesis sug-
gesting that survey quality would influence evaluations
when respondents were motivated and able to carefully
consider survey quality.

Our research has several strengths. It uses data from three
independent representative samples drawn using probability
sampling thereby providing results that are generalizable to
the population being studied and stronger external validity
than nonprobability samples (used in most of the research
on this topic),18 and it is strong in internal validity because
randomized experiments were used to isolate the influence

18 One of the advantages of conducting experiments in representative
sample surveys is the high external validity (cf, Lavrakas et al. 2019).
We can argue strongly that these results are generalizable to adult Ohio-

of the key independent variables (cf. Lavrakas et al., 2019).
We also combined data across surveys collected over mul-
tiple years that asked conceptually similar questions about
three different proposed policies—suggesting that our re-
sults will generalize across issues.

Although these experiments were conducted some time
ago, we believe that our reanalysis of the data originally
gathered in these three vignette experiments remains timely
in 2025, in part, because of the nature of the findings which
we argue would very likely be even more compelling if
the data had been gathered nowadays because of the much
more intense political polarization that has arisen among
Americans in the past two decades. Furthermore, since the
original data were gathered, the credibility of U.S. elec-
tion polls (and polls in several other countries) has become
a controversial issue in itself. This change also plays into
the belief that the experiments would have yielded stronger
findings had they been conducted more recently. Finally,
we believe that the findings remain relevant in 2025 be-
cause, although the way polls are conducted has changed
dramatically over time, the basic psychological processes
by which we posit people process information that is gen-
erated by election polls is not likely to have changed.

Furthermore, our data and analyses also suggest a num-
ber of potential directions for future research. One would
be to conduct more current vignette experiments, as these
data were gathered some time ago. However, we argue that
we are measuring and testing general cognitive processes
that are unlikely to change over time. We also acknowl-
edge that our R-squared statistics are low, although they do
identify statistically reliable findings. These values may, in
part, be due to the single items used for our dependent vari-
ables. It also may be due to the cognitive complexity of the
vignette sequence leading up to the dependent variables.
That is, the complexity may have increased respondent-re-
lated measurement error more than would have occurred
with a less complex questionnaire sequence. However, it
also raises suspicions that our models were under-speci-
fied due to limited funding that prohibited a longer set of
questions, and that there may be other important predictors
that were not measured in these surveys. Finally, in each of
the three surveys, the second dependent variable, consider-
ation, was measured through an open-ended question for-
mat. Respondents’ responses were coded into one of three
predetermined categories (yes, no, uncertain). While this
approach is understandable for a phone survey, it still poses
a limitation in terms of capturing a wider range of variance
in responses. Assigning responses to a broader range of op-

ans, but we acknowledge that we cannot know for sure whether these
results would generalize to very different populations (e.g., other coun-
tries or cultures) or to experiments conducted in different contexts (e.g.,
a Web survey instead of a telephone survey).
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tions for the dependent variable could be considered in the
future.

Another potential direction for future research would be
to examine the possible role of data collection mode on our
findings. Because the vignettes were read to respondents,
they could not go back to reconsider the methodology when
they were told the results after the methodology or when
they were reminded that survey accuracy might be impor-
tant before being asked about the usage of the findings
by policymakers. This logic suggests that one might find
different results if the vignettes were presented in a self-
administered questionnaire. There, the order of information
within the vignette and the order of the dependent variables
might matter less because respondents may have been able
to go back and review the methodology if the survey result
or the question about accuracy motivated them to do so.

9 Conclusion

We found support for several models that could be used to
explain how members of the public think about and evaluate
public opinion surveys. Like previous research, we found
highly reliable evidence for a motivated reasoning perspec-
tive. However, our research represents the first application
of a dual process model to this topic and we found highly
reliable evidence that people use the quality of a survey’s
methodology to evaluate the survey when they are both
motivated and able.
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