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A Additional Descriptive Statistics

Table A1: Vote shares in the 2010 and 2015 British general elections: Aggregate and indi-
vidual data compared.

Scotland

(A) Aggregate Data (B) Individual Data
Parties 2010 2015 2010 2015

CON 10.6 10.6 15.8 14.6
LAB 26.8 17.2 26.7 22.4
SNP 12.7 35.5 26.6 45.0
OTHERS 13.7 7.7 20.0 11.3
ABSTAIN 36.2 29.0 10.9 6.7

Wales

(A) Aggregate Data (B) Individual Data
Parties 2010 2015 2010 2015

CON 16.9 17.9 24.2 22.6
LAB 23.5 24.2 27.5 31.6
PC 7.3 8.0 10.9 10.8
OTHERS 17.0 15.6 25.8 24.8
ABSTAIN 35.2 34.4 11.7 10.2

Note: (A) are the official results at the constituency level (U.K. Electoral Commission
nd), (B) are the observed shares in Wave 5 in the BESIP (Fieldhouse et al. 2015).
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Note: The y-axis shows the relative vote shares in the individual survey data and the x-axis the
corresponding shares in the aggregate data. Each dot represents one of the 59 and 40

constituencies in Scotland and Wales, respectively.

Figure A1: The relationship between aggregate and individual survey data at the
constituency level, 2010 and 2015 British general elections.
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B Convergence Diagnostics

(a) England
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Figure A2: Chain plots of the HHMD models without prior knowledge.
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(a) England
CON − CON
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(c) Wales
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Figure A3: Chain plots of the Ecological Inference models without prior knowledge.
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